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ABSTRACT

Women use the Internet more for health purposes than men, probably due to their gender socialization as caregivers. Indeed,
women’s use of social media for health is not a one-time occurrence but is expected to continue for a long time to come. Hence,
it is important to understand women’s future intention to use social media for health purposes. This study integrated health
empowerment, health beliefs and digital inequality perspectives to explain this intention among Jewish female social media users
(N = 94). The data were collected through a telephone survey. The results indicated that searching for health information on
social media and cues to action are consistent predictors of women’s intention to use social media for health purposes. With the
exception of marital status, no effect of socio-demographic variables was found. Health empowerment approach and health belief
model are, therefore, the best predictors of future intention to use social media for health. Women should be encouraged by their
communities to expand their experience with social media, since it may serve as a source of health empowerment. In addition,
they must be encouraged to be more attentive to internal or external stimuli in maintaining or changing their health behavior.
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1. INTRODUCTION

Traditionally, patients turned to healthcare providers when
they had questions regarding their health.[1] For the past two
decades, the Internet has been used for health purposes,[2, 3]

including searching for online health information (OHI).[2–4]

Search for OHI refers to purposefully searching for informa-
tion on the Internet on various health-related topics, such as
treatments, diagnoses, health institutions and medications,
as well as nutrition and physical activity.[5] Information on
these topics can also be found on social media.

Social media refers to a group of the online applications that
allow their users to communicate, generate and exchange
content.[6] Among them are content-sharing services such
as YouTube or Instagram,[7] social networking sites (here-
inafter: SNS) such as Facebook,[8, 9] forums,[10] microblogs
such as Twitter,[11] and so on. The content may include pic-
tures, links to other webpages, videos and more.[12] The
multiple advantages of social media, including large scope of
content[13] and the possibility of receiving immediate feed-
back to published content,[1] have facilitated its entry into
the health domain.[13] Social media is now widely used for

∗Correspondence: Rita Mano; Email: ritamano@research.haifa.ac.il; Address: University of Haifa, Israel.

10 ISSN 1927-6990 E-ISSN 1927-7008



jha.sciedupress.com Journal of Hospital Administration 2019, Vol. 8, No. 5

searching for health information.[14]

Gender has always been a focus of attention in studies on
health and the Internet. Such studies referred both to gender
differences in health-related use of the Internet[15] or social
media[16] and to health-related Internet use by women in
particular.[17, 18] However, these studies focused primarily
on health-related Internet behavior at a specific time point
without addressing its sustained use.

Yet health-related social media use, including searching for
health information, is not necessarily something that occurs
only once. Such behavior can be sustained and may entail
continuous benefits for one’s own health.[19] In the case of
women, health-related social media use offers twofold ben-
efits. First, women generally tend to search for OHI more
frequently than men,[20, 21] so they also gain ongoing ben-
efits. Second, sustained social media use may benefit not
only them but also their family members,[22] since women’s
health-related use of the Internet is generally attributed to
their role as family caregiver[21, 22] and health manager.[23]

Therefore, studying the intention to use social media for
health among women is of major importance. The goal of
the current study is to examine the factors affecting this
intention among women.

Behavioral intention to adopt or use technology is a well-
documented issue in various scientific fields, including in-
formation systems,[24] e-government[25, 26] and health and
Internet research.[2] Studies investigating intention to adopt
technology usually employ a single theoretical model (in
most cases from the field of information systems research),
thereby reflecting only one perspective and sometimes not
even controlling for users’ socio-demographic background
characteristics.

The current study will contribute to the field in three ways.
First, it will extend knowledge regarding women’s use of
health-related social media. Previous studies[15, 22, 27] exam-
ined health-related use of the Internet in general. Moreover,
sustained use of health-related social media has received lit-
tle research attention, particularly among women. Second,
this study employs two distinct theoretical concepts, namely,
technology and health attitudes, and considers the socio-
demographic background of its female users. These concepts
provide different perspectives and consider different factors
(as described in detail in the literature review). Third, at the
empirical level, the study provides generalized findings re-
garding the studied phenomenon by employing multivariate
statistical analysis. This is especially important in the field
of health and social media studies, which is characterized by
a relatively small number of quantitative studies[16, 28] and a
dominance of qualitative research.[1, 9, 19, 29]

2. LITERATURE REVIEW
Although knowledge about the determinants of health-related
Internet use is extensive, little is known about the determi-
nants of the intention to use social media for health purposes.
This research suggests that this intention can be affected
by searching for OHI (reflecting health empowerment pro-
cesses), as well as by health beliefs and socio-demographic
background (reflecting digital inequality).

2.1 Health empowerment
The term “health empowerment” refers to taking personal re-
sponsibility for one’s own health.[30] In modern societies, as-
suming responsibility for one’s own health has become a key
component of public health management.[31] Health empow-
erment is even more relevant for women than for men, since
women are expected to be the source of health empowerment
not only for their life partners but also for their communi-
ties.[22] Indeed, studies show that women both search for
OHI[4, 22] and use social media for health purposes[16] more
than men. Therefore, OHI found by women may contribute
to the health of their families and of their communities, which
rely on women in adopting healthy behaviors.[22] In addi-
tion, in modern societies women experience tension between
work and family. The Internet and social media increase their
likelihood of successfully handling both these spheres.[22]

In summary, women who search for OHI bring benefits to
themselves and to their social networks. Therefore, women
who already engage in this behavior are more likely to con-
tinue reaping these benefits in the future than those who do
not search for OHI. Thus, it is hypothesized that:

H1: Women who search for OHI on social media are more
likely to intend to use social media for this purpose in the
future than women who do not search for OHI on social
media.

2.2 Health beliefs
Research indicates that women have a greater tendency than
men to experience chronic diseases, distress and limited
functionality.[32] This tendency may affect their personal
health beliefs. Therefore, among other reasons, women are
likely to use social media for health purposes in order to
obtain more positive health beliefs.[33] Health beliefs may
also affect women’s health-related social media use. One of
the most known and researched models explaining health-
related behaviors as a function of health-related beliefs is the
health belief model (henceforth: HBM).[34] This model was
developed in order to explain the variance in use of public
health services.[35] According to it, the likelihood that in-
dividuals will take health-related preventive action depends
on their perception of vulnerability to their health condition,
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severity of its consequences, benefits of taking preventive ac-
tion, costs of taking such action, presence of environmental
triggers (cues to action) that may lead to taking preventive
action, and a confidence (self-efficacy) in ability to take such
action.[34] Since its original conception, it has also been em-
ployed in health and Internet studies to explain search for
OHI and health communication.[5]

Beliefs regarding the cues to action require special atten-
tion[34] since this construct has received insufficient attention
in studies testing the HBM.[36, 37] Cues to action refer to en-
vironmental triggers or stimuli that motivate an individual
to change a current health behavior.[34, 38] Higher evaluation
of cues to action may act as a strong trigger for individuals
to adopt preventive behavior as a reflection of their previous
experience with risk,[38] as opposed to those whose evalua-
tion of such cues is lower. This is particularly relevant for
women, who are generally more sensitive,[39] more attentive
to environmental cues and more vulnerable to influence[40]

than are men. The intention to use social media for health
purposes may serve women as preventive behavior resem-
bling their current health-related Internet use.[5] Therefore,
it is hypothesized that:

H2: Evaluation of cues to action by women is positively
associated with their likelihood of intending to use social
media for health purposes in the future.

2.3 Digital inequality

Finally, since women from various socio-demographic back-
grounds use technology, it is important to consider these
backgrounds, particularly in view of the consistent findings
on inequalities between social groups in health-related Inter-
net use.[16, 27]

Social groups are divided along several lines in their health-
related social media use. The first is marital status. In the
case of women, having a steady life partner means receiving
health-related social control from their partner. Non-married
women, in contrast, tend to receive such control from other
sources.[41] Thus they are expected to rely more on social
media for health issues than married women. The second
socio-demographic factor is education. Enhanced cognitive
skills that are attributed to those with more education enable
individuals to better evaluate health information.[4] In addi-
tion, individuals with higher education are more motivated
to lead a healthy lifestyle[42] and to participate in capital-
enhancing online activities[43] as compared to less educated
individuals. The third factor is age. Older women who
were socialized to technology use at a later stage of life may
have more difficulties using the technology than younger
women.[44] The final factor is health status. Having a chronic

health condition is known as a motivator for health-related
Internet use.[4] Thus, it is hypothesized that:

H3: Women’s socioeconomic background affects their inten-
tion to use social media for health purposes.

3. METHODS
This study is a part of a larger project investigating health-
related social media use and its effect on health behavior
in Israel. The project uses the mixed methods approach[45]

and includes a (preliminary) qualitative part and a (main)
quantitative part. The purpose of the qualitative part was
to assess the scope of health-related social media use and
various aspects of its effect on health behavior changes. The
quantitative part was aimed to establish the association be-
tween health-related social media use and the likelihood of
changing health behaviors using statistical models. The quan-
titative analysis was carried out in three stages: a pilot survey
and two waves of a large-scale telephone survey. The data
for the current study were collected during the pilot survey,
which took place in May-July 2016. The main purposes of
the pilot survey were methodological (to prepare the ques-
tionnaire for the two waves of the survey) and empirical
(to assess health-related social media use and health behav-
iors in general). Participants were asked for their consent to
participate before they were surveyed.[46]

The entire project was approved by the Ethics Committee of
the University of Haifa (Approval No. 246/17).

3.1 Study population
The population of the current study includes Jewish female
social media users between the ages of 20-79 (N = 94) who
were surveyed during the pilot study (the total number of
respondents was 300). Since the questionnaire was adminis-
tered in Hebrew, only those sufficiently proficient in Hebrew
were interviewed. Due to the purposes mentioned above,
there was no intention to collect a representative sample.
Therefore, questionnaires in other languages commonly spo-
ken in Israel (including Arabic and Russian) were not pre-
pared for the current stage of the project.

As to the sample statistics, most of the participants are mar-
ried (85.3%), with an academic education (B.A. and higher)
(53.2%) and a mean age of about 47 years. Most of them
have no chronic diseases (70.7%) and do not search for OHI
on social media (73.4%). The detailed characteristics of the
sample are outlined in Table 1.

3.2 Study variables
3.2.1 Dependent variable
Intention to use social media for health purposes - measured
by a single item assessing agreement with a statement regard-
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ing future intention to use social media for health. Responses
were on a Likert scale ranging from “1” (totally disagree) to
“5” (totally agree).

3.2.2 Independent variables
(1) Searching for OHI on social media - a dichotomous vari-
able. Women who reported not searching for OHI on social
media represent an omitted category.

(2) Cues to action – a continuous variable computed by sum-
ming up the scores on two items (where a higher score rep-
resents higher influence of the cues). One item represented
external cues (family and friends) while the other represented
the internal cue (health status) (see items CTA1 and CTA2 in
Table 2). Responses to the items included in this construct
were on a Likert scale ranging from “1” (totally disagree) to
“5” (totally agree).

The process of creating this variable included several stages.
The first stage of the factor analysis included all 12 items.
However, four items had to be eliminated because they neg-
atively correlated with the respective factors, because they
were loaded on two factors or because they were not loaded
on any one of the factors extracted. The final run of the
analysis, which provided an appropriate structure, included
eight items and yielded three factors that explain 63.84%
of the variance. The factor representing cues to action was
elicited as the first factor. Three items were loaded on it
(PBA2: 0.53, CTA1: 0.82 and CTA2: 0.89). This factor

was the only one with an acceptable value of Cronbach’s
Alpha.[47] Elimination of the item PBA2 yielded a higher
reliability value, which surpasses the recommended limit of
0.7.[48] The detailed results of the validity and reliability tests
and the definitions of the items are shown in Table 2.

Table 1. Sample statistics (N = 94, if not specified
otherwise)

 

 

Variable Categories Frequency (in %) 

Intention to use for health purposes (N = 92) 

Not at all 

To a small extent 

To a medium extent 

To a high extent 

To a very high extent 

44.6 

12.0 

22.8 

6.5  

14.1 

Education  

Academic 

Non-academic 

53.2 

46.8 

Marital status (N = 75)  

Married 

Non-married 

85.3 

14.7 

Chronic health condition (N = 92)  

Yes 

No 

29.3 

70.7 

Search for OHI on social media  

Yes 

No 

26.6 

73.4 

Age: mean (SD) 46.98 (15.20) 

Cues to action (N = 92): mean (SD) 4.54 (2.59) 

 

Table 2. Results of the validity and reliability tests on items representing the HBM constructs
 

 

Note. CTA – Cues to action; PBA – Perceived barriers; PS – Perceived severity; PBE – Perceived benefits; HSE – Health self-efficacy; PV – Perceived 

vulnerability 

 

Item  
Cues to 

action 

Threat and 

benefits 

Health 

self-efficacy 

CTA1 My family and friends cue me that I have to change my health habits. 0.82   

CTA2 My health conditions cue me that I have to change my health habits. 0.89   

PBA2 I do not have enough money to change my health habits. 0.53   

PS1 
If my health worsens, I will experience difficulties in functioning at 

my workplace. 
 0.70  

PS2 If my health worsens, it will damage my interpersonal relations.  0.70  

PBE A change in health habits will improve my health.  0.76  

HSE1 I have set a number of goals in order to improve my health.   0.84 

HSE2 
I am able to reach the goals I have set to myself in order to improve 

my health. 
  0.75 

HSE3 I work on improving my health.    

PV1 Compared to people in my age group, my health is good.    

PV2 There is a history of chronic health diseases in my family.    

PBA1 I do not have enough time to change my health habits.    

Cronbach’s 

Alpha 
 0.637 0.592 0.454 

Cronbach’s 

Alpha revised 
 0.755 --- --- 
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(3) Marital status – a dichotomous variable, with married (or
cohabiting) women as a reference category.

(4) Education - a dichotomous variable, with women having
an academic education as a reference category.

(5) Age – a continuous variable measuring the actual age of
the respondents.

(6) Health status – a dichotomous variable, with women
having no chronic health condition as an omitted category.

3.3 Statistical analyses
First, a correlation analysis was conducted to examine the hy-
potheses at the bivariate level. The Spearman correlation test
was chosen, since the dependent variable is ordinal. Then,
regression analysis was employed to examine the effects of
the predictors on the outcome variable. Since the outcome
variable consists of five categories, it can be treated either as
an ordinal or as a scale variable for the regression analysis.
To determine which analysis fits best, ordinary least squares

regression was conducted using all of the study variables
in order to analyze the shape of the error distribution. The
results (not shown here) indicate that the central tendency
measures of the error distribution are not equal, meaning
that this variable cannot be treated as an interval variable but
rather as an ordinal variable. Therefore, we have adopted
ordinal logistic regression analysis, which does not assume
linear association between the predictors and the outcome
variable.[49] Several models were constructed in order to
examine the effect of combinations of factors on the criterion
variable.[50] In all of them, the results of the Brant test of
parallel lines were not significant, indicating that the ordinal
regression was the most suitable multivariate analysis for this
case.

4. RESULTS

4.1 Bivariate analysis

The results of the bivariate analyses are shown in Table 3.

Table 3. Spearman correlations between the study variables
 

 

 1 2 3 4 5 6 7 

1. Marital status --- -0.01 0.16 -0.05 -0.17 -0.13 0.19 

2. Education  --- -0.02 -0.13 0.01 0.08 0.05 

3. Age   --- 0.19 0.05 0.05 -0.02 

4. Health condition    --- 0.04 0.13 0.03 

5. Search for OHI on social media     --- -0.04 0.26* 

6. Cues to action      --- 0.33** 

7. Intention to use social media for health purposes       --- 

Note. *p < .05;  **p < .01 

 
The results suggest that individuals who previously searched
for OHI on social media are more likely to intend to use
social media for health purposes in the future as compared
to those who did not search (r = 0.26, p < .05). In addition,
higher perception of the presence of cues to action increases
the intention to use social media for health in the future
(r = 0.33, p < .01). Therefore, Hypotheses 1 and 2 were
confirmed on the bivariate level.

4.2 Multivariate analysis
Although these results are valuable, they are limited since
bivariate analysis does not consider other variables that may
challenge the findings.[51] Therefore, multivariate analysis
including several models was conducted in order to examine
the factors predicting the outcome variable. In sum, five
models were tested using different combinations of variables.
Only the model with socio-demographic variables was not
significant [Chi-square(4) = 2.85, p > .05] and therefore is
not shown in Table 4. The rest of the models are significant

(at either .01 or .05 level) and demonstrate a good fit to the
data.

As Table 4 shows, searching for OHI on social media has a
positive and a significant effect on the criterion of intention
to use social media for health purposes when controlling for
other variables in the models, thereby confirming Hypothesis
1. In addition, cues to action demonstrate a positive and a sig-
nificant effect at a 0.01 level in all the models that included
this variable, while controlling for other variables in the mod-
els. This means that the higher the evaluation attributed to the
cues to action, the higher the intention to use social media for
health in the future. Concerning the sociodemographic vari-
ables, only marital status exhibited a significant effect on the
outcome variable. In two of the three models, non-married
women were found to have higher intention to use social me-
dia for health in the future than married/cohabitating women.
Age, education and presence of chronic health condition had
no impact. Therefore, Hypothesis 3 was partially supported.
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Table 4. Coefficients (standard errors) of ordinal regression analysis predicting intention to use social media for health
purposes

 

 

Variables 
Social media use and 

cues to action 

Socio-demographic 

and social media use 

Socio-demographic 

and cues to action 
All predictors 

Not at all 
1.39** 

(0.46) 

0.37 

(0.86) 

1.84 

(1.01) 

1.96 

(1.03) 

Low extent 
1.99** 

(0.48) 

0.92 

(0.87) 

2.45* 

(1.02) 

2.64* 

(1.05) 

Medium extent 
3.28** 

(0.56) 

2.15* 

(0.90) 

3.70** 

(1.08) 

4.02**  

(1.11) 

High extent 
3.78** 

(0.59) 

2.59** 

(0.92) 

4.14** 

(1.10) 

4.50**  

(1.14) 

Search for OHI on social media (yes = 1) 
1.33** 

(0.45) 

1.48** 

(0.51) 
- 

1.69**  

(0.53) 

Cues to action 
0.29** 

(0.08) 
- 

0.30** 

(0.09) 

0.34**  

(0.10) 

Marital status (non-married = 1) - 
1.34* 

(0.65) 

1.14 

(0.65) 

1.63*  

(0.69) 

Education (non-academic = 1) - 
0.18 

(0.45) 

-0.001 

(0.46) 

0.03 

(0.47) 

Age - 
-0.002 

(0.02) 

0.01 

(0.02) 

0.00  

(0.02) 

Chronic health condition (yes = 1) - 
-0.06 

(0.48) 

-0.32 

(0.50) 

-0.34  

(0.51) 

-2log likelihood 112.99 185.84 184.31 175.62 

Nagelkerke's R Square 0.20 0.15 0.19 0.30 

Note. *p < .05; **p < .01 

 
5. DISCUSSION

The goal of this study was to examine the factors affecting in-
tention to use social media for health purposes among Jewish
women in Israel. For this goal, several variables reflecting
three theoretical perspectives were used. The results mostly
support each of these perspectives.

First, in line with the results of previous studies,[4, 22] an as-
sociation was found between searching for OHI on social
media and the outcome variable, thus completely supporting
Hypothesis 1 on both the bivariate and the multivariate levels.
It seems that women who previously searched for OHI were
empowered by their searching and by their desire to continue
being empowered. Thus, women should keep on searching
for OHI on social media while healthcare providers should
encourage them to do so.

Second, cues to action were found to be positively associated
with the dependent variable, similar to the findings of other
studies,[38, 52] thus completely supporting Hypothesis 2 on
both levels. The existence of triggers motivates behavioral
change, especially when these triggers are highly relevant
for the individuals. Indeed, the “pressure” created by these
triggers seems to “push” women to intend to use social media
for health.

Third, no effects of socioeconomic variables were found ex-

cept for that of marital status, thus very partially supporting
Hypothesis 3. The intention of non-married women may
stem from the fact that in most cases they do not receive
health-related social control on an everyday basis[41] as op-
posed to married women, who both provide and receive such
control. Thus, the limited scope of social control leads non-
married women to rely on social media in health-related
issues and to intend to use social media in the future.

6. CONCLUSIONS

This study is one of the few quantitative studies investigating
the use of social media for health. It has contributed to under-
standing factors affecting the intention to use social media
for health purposes among a specific population, i.e., women,
from the health perspective. The results indicate that health
empowerment and health beliefs approaches explain the in-
tention to use social media for health purposes better and
more consistently than the digital inequality approach. This
is somewhat encouraging in that socioeconomic background
plays a much smaller role than other factors. Thus, the work
of the community should be directed at increasing women’s
health-related experience with social media and improving
their health beliefs.
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Limitations

This study has several limitations. First, the data are self-
reported. Therefore, misclassifications in variables are prob-
able.[21] Second, although the models were significant and
allowed prediction of the phenomenon, the sample was rela-
tively small. Third, the study was conducted in Hebrew only,
thereby including the Jewish population for the most part
and thus restricting the ability to generalize the findings for
the entire population of the country. Finally, the variables
are used in a limited way. The cues to action variable was

measured by summing up scores of two items, even though
this variable is usually constructed using more items.[5] This
was done in order to measure health beliefs in a parsimonious
yet effective way. Note that HBM variables were only a part
of the questionnaire. Future studies should concentrate on
HBM variables only and examine this model in a separate
study, also using both of the health-related social media use
variables.
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